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Context engineering + AgentMesh + AssureAl + ADLC
A practical operating model for moving Al from experimentation to controlled production.

A Zensar Technologies white paper

+  Who should read this: Technology, data, Al, risk, architecture, and transformation leaders responsible for moving Al
from pilots to production across existing platforms and systems.

«  Why it matters: Agentic Al delivers enterprise value only when connected to real processes, trusted context, clear
controls, and accountable ownership.

- Safe impact: Faster decisions, less manual effort, stronger traceability, better service, and more controlled automation
without unquestioningly expanding risk.

«  Why now: Al pilots are easy to launch, but production adoption is slowed by governance, data readiness, integration,
assurance, and operating-model gaps across fragmented technology estates.

«  What to take away: Start with a bounded business workflow, prove value and control, then scale only where the
evidence supports it.
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Executive summary

Most enterprises can now build Al agents. Far fewer can connect, govern, measure, and scale them in production. The gap
is not access to models. It is trusted context, controlled execution, clear accountability, and disciplined delivery.
ZenseAl.AgentMesh is Zensar’s accelerator for closing that gap. It coordinates specialized agents, enterprise tools, data,
business rules, approvals, and workflow actions through a governed orchestration layer. It sits above the platforms and
applications clients already use and does not require them to replace those investments.

ZenseAl.AgentMesh remains the core of the operating model. Context engineering equips agents with the information and
business meaning they need. ZenseAl.AssureAl tests and monitors quality, security, compliance, and behavior.
ZenseAl.ADLC provides the delivery discipline to move from discovery to controlled production and ongoing governance.

The central point
AgentMesh turns enterprise context into governed decisions and actions. Context engineering, AssureAl,
and ADLC help make that repeatable.

The paper takes a practical position. Agentic Al is not a substitute for strong data, process ownership, governance, or
change management. If a simpler workflow or conventional automation is enough, an agent is not required. Where an
agent is justified, value, risk boundaries, evidence, and ownership must be clear from the start.

1. Why now? From generative Al to agentic work

Generative Al usually produces an answer, a summary, a draft, or code. Agentic Al goes further. It is given a goal, plans
work, uses approved tools, evaluates results, and moves a process forward within defined limits.

That distinction matters because most enterprise value lies in processes, not in isolated responses. Claims, service
requests, compliance reviews, quality events, order exceptions, and account decisions require data, rules, handoffs,
approvals, and actions across multiple systems.

The business question is no longer whether an agent can produce an impressive answer. It is whether the organization can
trust the agent within a real process, under real operating conditions, and with evidence that the agent is acting in
accordance with policy.

This is also why open architecture matters now. Enterprises need agentic Al that can operate across hyperscalers, data
platforms, applications, APls, events, and governed tools without requiring a single-platform redesign.
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2. The production gap

Pilots are built in narrow environments. Production is not narrow. Inputs are incomplete. Data changes. Permissions vary.

Systems fail. Policies conflict. People need to understand why an action was recommended and when human intervention

is required.

What breaks in production

. Fragmented context

. Unbounded autonomy

. Variable behavior
Integration complexity

. Weak ownership

. Unclear value

N .

What must be designed in

Shared business, data, process, and policy context.

Tool permissions, approval gates, escalation paths, and stop rules.
Testing against real scenarios, edge cases, and failure modes.

Open interfaces across platforms, apps, APIs, events, and MCP tools.
Named business, technology, risk, and operations owners.

KPls, cost ceilings, thresholds, and go/no-go gates.

ZenseAl.AgentMesh is designed to address this production gap. The point is not to create another agent. It is to create a

controlled system in which agents work together, use enterprise context, and deliver outcomes that the business can adopt.

3. Context engineering: Making enterprise context usable

An agent can only reason over the context it receives. More context is not automatically better. The context must be

relevant, current, permitted, traceable, and aligned with the decision being made.

Context engineering is the discipline of assembling the right context for a decision. It brings together enterprise

knowledge, business definitions, process state, policies, and industry requirements before an agent reasons or acts.

The Zensar context lens

Zensar context-to-action model

The lens defines what agents need. Semantic consistency keeps it reliable. MCP tools turn it into controlled action.

1. Context lens

What the agent needs
to understand

Data: What happened

Business: Why it matters
Operational: What is happening now
Industry: What rules apply

Decision: What should happen next

2. Semantic consistency

How Zensar keeps
meaning reliable

Define: Agree on terms

Map: Link to systems and policies
Normalize: Resolve inconsistent
meaning

Govern: Assign owners and rules
Apply: Use meaning in prompts and
workflows

Monitor: Track drift and change

3. Controlled action

How context becomes
execution

ZenseAl.AgentMesh uses governed
context through approved tools,
services, and workflows.

100+ MCP-compatible tools across
the data, Al, and inference layers.
Agents retrieve approved context,
invoke governed services, and act
through controlled interfaces.
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Semantic consistency

A semantic layer provides agents with shared definitions of customers, products, claims, cases, revenue, risk, service
levels, and other business terms. Without this consistency, agents can retrieve accurate facts and yet still make poor
decisions because different systems use the same words in different ways.

Knowledge graphs add relationships and structure. Enterprise search and retrieval bring in relevant structured and
unstructured content. Memory retains the appropriate working context. Policy-Aware retrieval limits what can be accessed
and used. Together, these capabilities help ZenseAl.AgentMesh provides the right context at the right step in the
workflow.

This is where context engineering becomes operational. ZenseAl.AgentMesh can expose 100+ MCP-compatible tools
across the data, Al, and inference layers, providing agents with governed access to approved context, services, and

actions without locking the enterprise into a single platform.

4. What is ZenseAl.AgentMesh?

ZenseAl.AgentMesh is Zensar’s accelerator for building and operating governed agentic workflows. It combines
specialized agents, shared horizontal capabilities, orchestration, context, integration, observability, and approval controls
into a reusable delivery model.

A core advantage is its reusable tool layer: 100+ MCP-compatible tools that connect approved data, Al services, inference
capabilities, and enterprise actions through governed interfaces.

AgentMesh does not replace the enterprise data platform, cloud platform, model provider, or system of record. Instead, it
coordinates the use of those capabilities within a business process.

Core design principles

«  Use specialized agents with bounded responsibilities rather than a single broad agent with excessive authority.
«  Keep orchestration explicit so sequencing, handoffs, approvals, and escalation are visible.

- Apply context, identity, policy, and tool permissions at the point of action.

- Keep models, tools, stores, and orchestration components replaceable where practical.
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5. The AgentMesh operating model

ZenseAl.AgentMesh is the center of the model. The supporting disciplines make it useful, trustworthy, and repeatable in

enterprise delivery.
The visual below illustrates how AgentMesh works with Context Engineering, AssureAl, and ADLC as a single operating model.

ZenseAl.AgentMesh Operating Model

ELEMENT ROLE IN THE OPERATING MODEL

ZenseAI.AgentMesh Orchestrates agents, c.ontext, tools, workflow steps,
{§} approvals, and execution.

Builds relevant, trusted, and decision-ready context
from data, business, operational, and industry sources.

Context Engineering @ ((:

ZenseRlikssurahl | égﬁd Tests and monitors data, models, agents, controls,

security, and production behavior.

ZenseAl.ADLC

operating discipline from discovery through continuous
governance.

Defines the phases, evidence, reviews, sign-offs, and
ONE OPERATING MODEL

Context Engineering + AgentMesh + AssureAl + ADLC =
a practical path from experimentation to controlled production.

© 006 e

Figure 1. AgentMesh operating model connecting context engineering, AgentMesh, AssureAl, and ADLC.

6. Horizontal and process agents

ZenseAl.AgentMesh separates reusable capabilities from process-specific work. This avoids rebuilding common controls for

every use case and makes process agents easier to test and govern.

In practice, the model progresses from reusable horizontal capabilities to repeatable process agents to verticalized
workflows that reflect industry-specific terminology, rules, systems, and evidence requirements.

© Zensar Technologies, 2026 | Page 6



AgentMesh Progression

ZenseAl.AgentMesh

Horizontal Capabilities Verticalized Workflows

e Search * Claims Intake e Industry Terminology
* Semantics * KYC Review * Local Systems

* Identity * Service Triage * Policies

* Governance » * Prior Authorization » * Controls

* Orchestration * Quality Events  Data

* Quality ¢ Demand Exceptions * Evidence Requirements
* Monitoring * Case Preparation

* Evidence

N ———— S

Shared context, governance, orchestration, and assurance foundation

Figure 2. AgentMesh progression from reusable horizontal capabilities to
process agents and verticalized workflows.

Examples by workflow family

«  Risk and compliance: KYC, AML, fraud triage, audit preparation, policy validation, and regulatory evidence collection.

- Customer and service: customer-service triage, claims intake, citizen service, returns processing, and coverage or
eligibility support.

«  Operations: exception routing, demand sensing, field-service intelligence, case preparation, reconciliation, and
workflow coordination.

+  Knowledge and evidence: document triage, evidence collection, semantic search, decision history, and regulatory

support.

The examples below are representative, not limiting. A process agent can be adapted into a verticalized agent when the
same workflow pattern must accommodate industry-specific data, policy, controls, and operating language.
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7. How agents collaborate

Multi-agent design works only when collaboration is explicit. Each workflow should define the goal, required context,
permitted tools, handoff conditions, authority limits, and human approval points.

Context Reason Decide Act Measure

Assemble

task-relevant data,
policy, business
meaning, and

Recommend,
select, escalate,
or stop based
on authority

Evaluate the goal,
constraints,
evidence, and tools.

Use approved tools,
update systems,
route work,

or request

Capture outcome,
evidence, cost,
quality, exceptions,
and feedback.

process state. and risk. human approval.

Figure 3. Simple AgentMesh collaboration flow from context to measured outcome.

Control point Practical question

Task ownership Which agent owns each step and what result must it produce?

Shared context What information is passed, what is refreshed, and what must not persist?

Tool authority Which systems can each agent read or update?

Confidence and risk When can the agent continue, when must it ask, and when must it stop?

Human oversight Which decisions require review or formal approval?

Evidence What must be recorded for operations, audit, and future evaluation?

8. Open architecture and integration

ZenseAl.AgentMesh is designed as an open orchestration framework. Clients can use the cloud, data, Al, analytics, and
enterprise applications they already have without rebuilding the estate around a closed platform.

Integration can use APIs, event streams, queues, batch services, workflow engines, semantic services, knowledge stores,
enterprise connectors, and MCP-compatible tools. The integration pattern should align with the use case’s process, security
model, latency requirements, and failure-handling needs.

Data and Al platforms such as Databricks, Snowflake, and other enterprise platforms can provide governed data, analytics,
model services, semantic controls, and enterprise Al foundations. AgentMesh remains Vendor-Neutral and coordinates
these platform capabilities across the workflow, context, governance, and orchestration layers.

In this model, ZenseAl.AgentMesh can expose 100+ MCP-compatible tools across the data, Al, and inference layers,
enabling agents to access approved enterprise context, invoke governed services, and act through controlled interfaces.
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Representative technology roles

Technology category

Data and Al platforms

Cloud platforms

Enterprise applications

Operational and streaming services
Search and knowledge services
Models and inference services

MCP-compatible tools

Role

Governed data, analytics, model services, and enterprise Al foundations.
Compute, identity, networking, managed services, and regional deployment.
Systems of record and systems of action for business workflows.
Transactions, events, queues, and real-time signals.

Retrieval, vector search, caching, documents, and knowledge graphs.
Reasoning and generation components selected by task, risk, and cost.

A standard way to expose approved data, services, and actions to agents.

The architecture is Vendor-Neutral by design. Platform choices should align with client standards, workload needs, data

residency, cost, security, and operational ownership.

9. Reference architecture

The reference architecture separates conce

the full solution.

rns so each layer can be changed, evaluated, and governed without rebuilding

ZenseAl.AgentMesh
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Figure 4. AgentMesh reference architecture showing the layered enterprise stack.
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Layer

Business

Experience
Orchestration

Agents

Context

Governance

Data and applications

Infrastructure

Responsibility

Outcomes, KPlIs, policies, decision rights, and accountability.

Chat, voice, dashboards, portals, and embedded application experiences.

Sequencing, routing, arbitration, escalation, state, and audit history.

Horizontal capabilities and process-specific agents.

Semantic definitions, knowledge graphs, retrieval, memory, and Policy-Aware assembly.
Identity, access, policy, lineage, approvals, evaluation, and compliance controls.
Warehouses, lakehouses, operational stores, documents, and systems of record.

Cloud, hybrid, or on-premises compute, networking, identity, and security services.

10. ZenseAl.AssureAl: Trust must be engineered

Traditional software testing assumes that the same input usually produces the same output. Al systems are probabilistic,

context-sensitive, and affected by changes in models, data, tools, and the knowledge they retrieve. Agentic workflows

introduce another risk: a weak decision can trigger the wrong chain of actions.

ZenseAl.AssureAl provides the quality engineering and assurance controls that support ZenseAl.AgentMesh across

design, test, release, and production. Its role is to provide evidence that the system is accurate, secure, controlled, and

sufficiently observable for the intended use.

AssureAl coverage

Assurance area

Data assurance

Model and
LLM evaluation

Agent and
application assurance

Trust and compliance

Performance and
resilience

Security and
observability

What is evaluated

Quality, completeness, lineage, privacy exposure, bias, drift, and retrieval grounding.

Accuracy, relevance, hallucination, regression, prompt robustness, and provider changes.

Task completion, tool use, reasoning paths, handoffs, guardrails, and human review.

Explainability, policy alignment, evidence, auditability, fairness, and
applicable regulatory controls.

Latency, throughput, scalability, cost, failover, and graceful degradation.

Prompt injection, data exfiltration, access controls, traceability, drift, and runtime alerts.
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Lifecycle controls

Lifecycle stage Primary controls

Risk classification, decision rights, guardrails, data readiness, evaluation strategy,

Design
and approval model.
Build Tool permissions, context controls, versioning, secure integration, and
continuous evaluation.
Test Golden datasets, regression, adversarial testing, bias and fairness review,
es
performance, and user acceptance.
Rel Documented thresholds, release-readiness sign-off, controlled exposure, rollback,
elease .
and containment.
Monitoring, drift detection, policy checks, cost controls, escalation,
Operate . .
and incident evidence.
Improve Feedback review, knowledge refresh, model change testing, guardrail updates,

and the governed release of changes.

1. Trusted Al controls

Trust is not one score. It is a set of controls matched to known failure modes and the workflow's business risk.

Failure mode Primary controls

Source-grounded retrieval, golden datasets, factuality evaluation, and
escalation below threshold.

Hallucination or
weak grounding

Input isolation, tool permission boundaries, adversarial testing,
and policy enforcement outside the prompt.

Prompt injection or
jailbreak

Tool manifests, schema validation, action limits, simulation, rollback, and
Incorrect tool use . . .
human approval for high-risk actions.
. Lineage, freshness checks, scheduled refresh, embedding and index review,
Data or knowledge drift . .
and regression testing.

Model or prompt regression Version control, frozen evaluation sets, change comparison, and release gates.

Bias or unfair treatment Representative test sets, input-variation testing, fairness review, and human oversight.

Cost or performance failure

Loss of accountability

Latency and cost ceilings, load tests, alerts, fallback paths, and workload routing.

Decision logs, actor and tool traceability, approval records, and incident review.
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12. ZenseAl.ADLC: Delivery discipline for agentic Al

Agentic systems cannot be managed as a conventional software build with testing left near the end. Behavior depends on

prompts, models, tools, data, context, and operating conditions. These elements can change independently after release.

ZenseAl.ADLC is a seven-phase lifecycle that connects the business case, architecture, context, quality, release controls,

and production ownership. Each phase produces evidence for the next decision.

Phase

1. Discovery

2. Design

3. Foundation build
and Proof of value

4. Implementation
and evaluation

5. Hardening and
testing

6. Activation and
deployment

7. Continuous learning
and governance

The practical difference

Purpose

Define the problem, value, responsibilities,
data readiness, and risk.

Define architecture, context, tools,
guardrails, economics, and evaluation.

Test the highest-risk assumptions using
representative data.

Build the workflow while continuously
evaluating behavior and integration.

Validate end-to-end behavior, safety,
performance, and business acceptance.

Release gradually with monitoring,
intervention, and rollback in place.

Keep quality, cost, knowledge, behavior,
and controls aligned over time.

Key evidence

Process map, KPI baseline, responsibility
map, risk register, and charter.

Agent design, tool manifest, context
design, cost model, guardrails, and test

strategy.

Golden dataset, prototype, baselines,
validated business case, and go or no-go
record.

Working agents, integrated tools, context
controls, version history, CI/CD, and
evaluation results.

Adversarial results, fairness review, scale
tests, UAT, and release sign-off.

Controlled production release,
dashboards, alerts, and containment plan.

Operations reports, improvement backlog,
model-change decisions, incidents, and

updated controls.

ZenseAl.AgentMesh provides the working platform. ADLC makes delivery and operational decisions explicit,

evidence-based, and repeatable.
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13. Enterprise data, semantics, and memory

Agent quality depends on the data foundation. Structured data, documents, event streams, and external knowledge can
all be useful, but only when access, meaning, freshness, and lineage are properly controlled.

Data readiness before agent scope

«  Confirm the source of truth and ownership for each critical data element.

«  Define shared business terms and metrics in the semantic layer.

- ldentify privacy, residency, retention, and access constraints before the retrieval design is finalized.

«  Separate the short-term working context from the longer-term memory, and define retention for both.
«  Create representative evaluation data that includes normal, edge, and known-failure cases.

- If the data foundation is weak, fix readiness before expanding autonomy.

14. Deployment and operating models

ZenseAl.AgentMesh supports public cloud, private cloud, hybrid, multi-cloud, and on-premises deployments. The right
design depends on data residency, latency, security, platform standards, integration, and operational ownership.

Decision Questions to resolve

Hosting Where will orchestration, models, context services, and data processing run?

Identity How are users, agents, services, and tools authenticated and authorized?

Data movement What can move, what must remain in place, and what must be masked or minimized?
Model choice Which tasks require large models, smaller models, specialist models, or deterministic logic?
Operating ownership Who monitors behavior, cost, incidents, knowledge freshness, and business outcomes?

15. Measuring business value

The business case should measure the process outcome, not the volume of agent activity. More prompts, calls, or
automated steps do not, by themselves, prove value.

Outcome area Measures to consider

Speed Cycle time, time to decision, time to insight, and backlog reduction.
Automation Straight-through processing, manual touches, exception rates, and rework.
Quality Accuracy, completeness, first-time-right rate, and error cost.

Experience Response time, customer effort, employee effort, and satisfaction.
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Outcome area Measures to consider

Risk and compliance Policy exceptions, unresolved alerts, audit preparation, and traceability.
Economics Cost per outcome, infrastructure and inference cost, productivity, and avoided effort.
Growth Conversion, retention, service capacity, speed to market, and revenue protected or enabled.

Every engagement should establish a baseline, conservative and upside scenarios, technical thresholds, and a cost
ceiling. The Proof of Value should lead to a clear go/no-go decision before scaling.

16. Enterprise use cases

ZenseAl.AgentMesh is most useful where work depends on trusted context, involves multiple decisions, governs system
actions, and requires clear human accountability. Use cases should start with business value, not industry labels. Across
sectors, most opportunities fall into three business pillars: grow revenue, reduce cost, and keep the organization safe.

Grow revenue

Hyperpersonalization - Next best action - Customer 360 assistants - Sales copilots - Campaign optimization -
Cross-sell/upsell - Churn prediction

Indicative impact: 3%-8% conversion lift, 2%-5% retention improvement, or 10%-20% seller/marketer
productivity gain after baseline validation.

Reduce cost

Workflow orchestration - Customer service automation - Document intelligence - Task automation - Exception
management - Intelligent routing - Case management - Service operations - Workforce productivity

Indicative impact: 15%-30% cycle-time reduction, 10%-25% manual-effort reduction, or 10%-20% cost-to-serve
improvement for high-volume workflows.

Keep the organization safe

Compliance monitoring - Policy validation - Risk scoring - Fraud and anomaly detection - Audit preparation -
Governance automation - Al assurance - Data quality monitoring - Secure knowledge management
Indicative impact: 20%-40% faster evidence preparation, 15%-30% fewer manual control checks, or 10%-25%
reduction in exception-review effort.

These patterns are intentionally cross-industry. A bank may apply them to KYC or fraud; an insurer to claims; a retailer to
loyalty and service; a manufacturer to quality and operations; a healthcare organization to evidence and patient services;
and a public-sector agency to citizen services or eligibility. The industry-specific language varies, but the underlying
AgentMesh pattern remains reusable.

This bridges horizontal capability reuse and vertical relevance: AgentMesh maintains the core context, orchestration,
governance, and assurance layers while allowing industry-specific agents to be configured when the workflow requires a
deeper domain fit.

The provided metric ranges are for directional planning, not guaranteed outcomes. They should be calibrated to each client’s

baseline, process volume, data readiness, automation depth, risk tolerance, adoption rate, and operating cost model.
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17. ZenseAl.AgentMesh in action

AgentMesh delivery patterns observed in client work

Proof point to notice

When measured evidence is available, the paper explicitly calls it out. The strongest quantified client result in

this section is the quality and risk management proof point: fraud-detection precision improved from 12% to

65%, with 400,000 claims processed per month and scoring completed in under one second per claim.

Pattern

Application
modernization

Claims and case
intelligence

Regulatory and
compliance workflows

Quality and risk

management

Knowledge and
data intelligence

Agent governance
and assurance

Service
operations

Evidence

Observed qualitative
pattern

Observed qualitative
pattern

Measure for each
engagement

Quantified client result

Internal proof point
pending validation

Documented
capability

Measure for each
engagement

The table below separates quantified results from observed patterns, reusable delivery patterns, documented capabilities,

and measures to be baselined during ADLC Discovery and Proof of value.

Result or measure

Reduced manual engineering effort; reusable modernization

factory.

Less manual search; faster triage; stronger decision
traceability.

Review cycle time; manual touches; exception rate; audit
preparation effort.

Fraud-detection precision improved from 12% to 65%;
400,000 claims processed per month, with scoring
completed in under one second per claim.

60% faster response; 30% faster registration; 30% higher
learner engagement, subject to final internal validation.

30+ assurance checks spanning data, models, agents,
security, compliance, and production monitoring.

Resolution time; first-contact resolution; escalation rate;
manual effort; cost per case.

Metrics are included only when supported by internal materials. Other rows show observed qualitative outcomes or the
measures that should be baselined during ADLC Discovery and Proof of Value.
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18. Maturity model

Progress should be based on evidence, not a calendar date. Each stage should prove value, reliability, ownership, and
control before autonomy expands.

Maturity stage What it means Move forward only when

1. Assisted work Copilots help people draft, search, Users trust the assistance, and the organization
summarize, and recommend next steps. = can measure productivity or quality gains.

2. Bounded agents Agents handle narrow tasks with Task boundaries, tool permissions, stop rules,
approved tools, clear permissions, and evidence logs are proven.
and human review.

3. Coordinated Multiple agents coordinate across Workflow KPIs, ownership, escalation,
workflows handoffs, approvals, context, systems, monitoring, and exception handling are stable.
and exceptions.

4. ZenseAl.AgentMesh Reusable orchestration, context, Reuse is working, controls are repeatable, and
assurance, governance, and production evidence supports expansion.
MCP-enabled tools scale across
processes.
5. Limited Autonomy expands only for workflows Risk appetite is defined, operating controls are
autonomous where risk, evidence, ownership, and live, and rollback or human takeover is ready.
operations controls support it.

Figure 5. AgentMesh maturity progression from assisted work to bounded autonomous operations.

For many enterprises, a well-governed Stage 3 or Stage 4 is the appropriate near-term target. Full autonomy is not the
default objective. The correct objective is the level of automation that the process, evidence, and risk appetite can support.
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19. Why ZenseAl.AgentMesh wins?

Enterprises do not need another isolated Al platform. ZenseAl.AgentMesh gives them a practical way to turn existing

technology and enterprise knowledge into controlled execution.

Its advantage comes from reuse with specialization: common horizontal capabilities support process patterns, and those

patterns can become verticalized solutions without rebuilding the operating model for every industry.

Enterprise requirement

Trusted production Al

Relevant enterprise context

Production delivery

Open integration

Business alignment

Controlled scale

Practical adoption

AgentMesh response

AssureAl quality engineering, runtime
monitoring, traceability, and control
evidence.

Four context layers supported by
semantics, knowledge, retrieval,
memory, and Policy-Aware assembly.

ADLC phases, decision gates,
documented evidence, and
accountable ownership.

ZenseAl.AgentMesh can expose 100+
MCP-compatible tools across the
data, Al, and inferencing layers,
enabling reuse of existing platforms,
applications, APIs, events, workflow
systems, and governed services.

Process-level KPls, decision rights,
human review, and measurable
outcomes.

Reusable horizontal capabilities,
process patterns, governance, and
operating discipline.

A progression from bounded use
cases to coordinated workflows based
on evidence, not ambition alone.

Safe proof point or measure

30+ assurance checks across data,
models, agents, security, compliance,
and production monitoring.

Four context layers: Data, business,
operational, and industry context
defined before agents act.

Seven-phase ADLC with baseline,
Proof of Value, release sign-off, and
continuous governance evidence.

Measures: Exposed approved tools,
connected systems, invoked
governed services, achieved
access-control coverage, met latency
threshold, implemented fallback
path, and reduced platform lock-in.

Baseline, conservative case, upside
case, cost ceiling, and go or no-go
decision before scale.

Reuse across customer growth, cost
reduction, risk and compliance,
knowledge and data, and operations
patterns.

Maturity progression from copilots to
bounded agents, coordinated
workflows, Agent Mesh, and limited
autonomous operations.

© Zensar Technologies, 2026 | Page 17



20. Why Zensar

Most clients already have strong models, cloud services, data platforms, and enterprise applications. The challenge is to
make those components work together within real business processes. Zensar helps connect what clients already have,
add the right controls, and keep the architecture flexible as platforms, tools, and priorities change.

Zensar begins with four forms of context: data, business, operational, and industry. This matters because a technically
correct answer can still be unusable if it overlooks business priorities, process constraints, decision rights, or regulation.

What Zensar brings together

Strength Practical contribution

Business and Defines the process problem, value case, accountability, operating change, and
transformation focus adoption required for results.

Context engineering Connects data, semantics, knowledge, process state, policy, and industry

meaning into decision-ready context.

AgentMesh Coordinates agents, tools, context, approvals, and workflow execution across
the existing technology estate.

AssureAl Adds Al-specific testing, quality checks, security reviews, governance, and
production monitoring.

ADLC Creates a disciplined path from discovery and Proof of value to controlled release
and continuous governance.

Industry and Applies domain knowledge and implementation discipline to workflows where
delivery experience context, risk, and adoption matter.

The Zensar advantage
The value is not just another Al component. It is Zensar's ability to connect enterprise context, controlled
execution, assurance, and delivery discipline to a business result.

This gives clients a practical path: start with one bounded workflow, demonstrate the value and controls, then expand only
when the evidence supports it.

Because the model is open and integration-led, clients can reuse existing investments, avoid unnecessary replacements,
reduce lock-in, and choose the best-fit platform or service for each workflow.
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21. Adoption options

I

Approach Best fit Primary concern

Build internally Organizations with strong Al Governance and operating work can
engineering, product, risk, and be underfunded relative to the build.
platform ownership.

Buy a platform Organizations that need broad Integration, process fit, and exit cost
capabilities quickly. still require active management.

Use an implementation Organizations that need delivery, Results depend on clear ownership,

partner integration, testing, or scale support. evidence, and business participation.

Hybrid Most large enterprises combine Roles, decision rights, architecture
internal capability with selected boundaries, and long-term ownership
platforms and partners. must be explicit.

The right option depends on maturity, risk, business differentiation, integration complexity, time-to-value, and the
organization’s ability to operate the solution post-release.

Conclusion

Agentic Al creates value by improving a real process with clear business ownership. Models and agents are necessary but
not sufficient.

ZenseAl.AgentMesh coordinates the work. Context engineering makes enterprise knowledge usable. AssureAl verifies that
the system is safe, accurate, and under control. ADLC gives teams a disciplined path from idea to production and ongoing
improvement.

Together, this provides a practical way to move from Al experiments to production workflows that the business can trust,
operate, and measure.

Open architecture matters because most enterprises will not standardize on a single platform. They need agentic Al that
can work across the tools, data platforms, applications, and cloud services already in place.

The 100+ MCP-compatible tool foundation makes this practical by providing agents with controlled access to approved
data, Al, inference, and enterprise services. The takeaway is simple: start small, prove control, and scale only where the
business case is clear.
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Glossary

Term

Agent

ZenseAl.AgentMesh

AssureAl

ADLC

Context engineering

Knowledge graph

MCP

RAG

Semantic layer

Human-in-the-L=oop

Definition

A software component that uses models, context, rules, and tools to pursue a
defined goal within set limits.

Zensar's accelerator for orchestrating governed agentic workflows across
enterprise context, tools, and systems. AgentMesh is used as shorthand after

Zensar’s Al quality engineering and assurance capability for data, models,
agents, security, compliance, and production behavior.

Zensar’s seven-phase Agentic Al Development Lifecycle.

The design and assembly of relevant, current, permitted, and traceable context
for an agent or workflow.

A structured representation of entities, attributes, and relationships.

Model Context Protocol, an open convention for connecting models and agents
to tools and data.

Retrieval-Augmented Generation, which grounds model output in retrieved
content.

Shared business definitions, metrics, and relationships applied consistently
across source systems.

A designed control in which a person reviews, approves, corrects, or takes over
specific decisions or actions.

References and Scope Notes

«  Zensar ZenseAl.AgentMesh product information and launch materials, 2026.

«  Zensar ZenseAl.AssureAl product information and launch materials, 2026.

«  Zensar ZenseAl.ADLC practitioner playbook, 2026.

«  Zensar AgentMesh solution brief and internal positioning material, 2026.

« Industry frameworks and practices for Al risk management, Al management systems, agent evaluation, responsible Al,
model monitoring, retrieval, knowledge graphs, and semantic layers.

This paper describes an implementation approach and representative patterns. It does not provide legal, regulatory,

compliance, security, or investment advice. Controls, architecture, performance thresholds, and business benefits must be
validated for each client, use case, jurisdiction, and operating environment.
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Zensar

An »RPG Company

At Zensar, we're ‘experience-led everything.” We are committed to conceptualizing, designing,
engineering, marketing, and managing digital solutions and experiences for over 145+ leading
enterprises. Using our 3Es of experience, engineering, and engagement, we harness the power
of technology, creativity, and insight to deliver impact.

Part of the $4.8 billion RPG Group, we are headquartered in Pune, India. Our 10,000+ employees
work across 30+ locations worldwide, including Milpitas, Seattle, Princeton, Cape Town, London,

Zurich, Singapore, and Mexico City.

For more information, please contact: info@zensar.com | www.zensar.com



