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Executive summary

Why this question 
comes up so often

This paper uses a simple story to explain how data and analytics have evolved — from warehouses to lakes 

to lakehouses, and now toward AI-driven, autonomous systems. 

It frames the evolution of data and analytics around more practical questions: where data lives, how it is 

used, and how organizations moved from hindsight to action. More importantly, it explains why the next 

competitive advantage isn’t better dashboards — it’s faster, safer decision delegation. It’s not a technical 

history. It’s a description of how work actually changed — and why that change is accelerating.

A missed flight and 
a familiar question

The conversation started the way many of these do.

An airport. A delayed flight that turned into a 
cancellation. Two former classmates with different 
careers, the same old awkward laugh, and a shared 
inconvenience. We sat with coffee, killing time.

After the usual catch-up — work, family, how long it had 
been — he asked the question I hear all the time.

“So… what do you actually do?” I’ve answered that 
question badly more times than I can count. I paused. Not 
because the answer is complicated, but because it often 
sounds complicated. Data and analytics explanations 
tend to jump straight into tools, platforms, or buzzwords. 
Most people tune out before the second sentence.

So I usually try something else.

I tell a story.

Where data started: 
Keeping the house clean

I usually start by talking about how our parents kept the 
house.

Everything had a place. Papers were filed. Important 
things were easy to find. If you needed something, you 
knew exactly where it was. More importantly, you trusted 
that what you found was correct.

It took effort and discipline, but the house was clean, 
organized, and predictable.

That’s how data warehouses worked in the early days.

Organizations carefully structured their data — sales, 
finance, customers — into well-defined systems designed 
to answer one basic question: what happened? These 
systems were reliable and trusted. But they were also 
rigid. Adding something new took time. Everything had to 
fit the structure.

Like checking a credit card statement after the bill arrives, 
warehouses were excellent at hindsight. We celebrated 
reporting maturity for years — without noticing that none 
of it changed how fast decisions were made. Useful. 
Necessary. But always after the fact.

I get asked this question by people in all kinds of roles — 
not just engineers or data professionals. Leaders, 
analysts, specialists, and even friends outside of work ask 
it because data quietly touches almost everything now. 
You don’t need to understand the technology to feel the 
impact. Decisions happen faster. Systems make 
suggestions. Work changes shape.

That’s why I try to explain data and analytics without 
jargon. This isn’t really a technology story. It’s a story 
about how work gets done, how decisions are made, and 
how responsibility shifts as systems become more 
capable — whether you work in tech or not.
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Analytics grows up

When the house got too small

Over time, life got messier.

More applications. More digital channels. More machines 
are producing data faster than anyone could neatly file it 
away. Eventually, there just wasn’t enough room in the 
house anymore. Not because anyone failed — but 
because the world changed.

So we did what people do when they run out of space. 
We rented storage.

That’s how I explain data lakes.

Storage units are cheap, flexible, and accessible. You can 
put almost anything in them. You don’t need to organize 
everything perfectly up front; you just need space.

Data lakes gave organizations scale and flexibility. But 
anyone who’s ever rented a storage unit understands the 
trade-off. If you don’t label things, if you don’t maintain 
some order, you eventually forget what’s in there. Finding 
what you need becomes hard. Trusting what you find 
becomes even harder.

We had more data than ever — but not always more 
clarity.

When the order came back

Eventually, organizations realized that unlimited storage 
without trust wasn’t sustainable.

The response was a hybrid approach — what people now 
call the lakehouse. It combined the flexibility of storage 
with the discipline of organization. Not perfect. Often 
oversold. But directionally inevitable. It brought order 
back without forcing everything into rigid structures 
again. The foundation stabilized. And once it did, things 
started to change quickly.

As data volumes grew, analytics evolved alongside them.

At first, analytics answered the question of what 
happened. Then it started explaining why. Eventually, it 
began pointing toward what was likely to happen next.

Predictive analytics didn’t replace human judgment. It 
accelerated it. The math improved — calculus, not magic 
— but people still made the decisions. The systems 
suggested; humans decided.

This was progress. But it still depended on something 
fundamental: the quality and trustworthiness of the data 
underneath.

From answers to suggestions

Once data became more reliable, analytics began doing 
more than answering questions. Instead of only 
predicting outcomes, systems started recommending 
actions. Navigation apps offer a useful parallel. Early 
versions showed tra�ic. Later versions suggested routes. 
You were still driving — just with better guidance.

The same shift happened in analytics. Humans stayed in 
control, but decisions became faster, more consistent, 
and easier to scale.

At this point, the bottleneck shifted from algorithms to 
architecture. If data had to be moved, reconciled, or 
reinterpreted for every new model or workflow, decision 
velocity stalled. Organizations that could treat data as 
shared infrastructure — governed once and reused 
everywhere — began pulling ahead. 
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Automation, delegation, and 
why humans still matter

When AI moved into 
the workspace

AI pushed this further and accelerated this transition.

Instead of living in dashboards, analytics moved into 
everyday workflows. Systems could summarize 
information, answer questions in plain language, and 
draft content. You didn’t need to know how to query data 
anymore — you could just ask.

The real shift wasn’t technical sophistication. It was 
accessibility. And accessibility is disruptive in ways 
accuracy alone never was. Data and analytics stopped 
feeling like something “over there” and started showing 
up where work actually happens — and for anyone in the 
organization.

What this looks like 
in the real world

When these efforts struggle, it usually isn’t because the 
idea was wrong. To make it concrete, I usually give a 
simple example: demand forecasting in a retail 
organization.

For years, the process looked like this. Analysts built 
forecasts. Managers reviewed dashboards. Planners 
manually adjusted orders. Everyone worked hard. But 
decisions were slow. Most of the effort went into 
producing information rather than acting on it. In some 
organizations, 60%-70% of analytics time still goes into 
data assembly rather than decision-making.

As data foundations improved, the shape of the work 
changed. Forecasts became more reliable. Systems 
began suggesting order adjustments automatically. 
Routine decisions happened without intervention.
When something unusual appeared — a supply 
disruption, an unexpected spike — a human stepped in. 
The interesting part isn’t the technology. It’s where people 
spend their time. Less assembling data. More judgment, 
trade-offs, and strategy.

The tools change. The pattern stays the same.

AI isn’t arriving as a future disruption. It’s already eroding 
the effectiveness of existing operating models. The 
playbooks that worked for decades are being rewritten — 
often by competitors, partners, or new entrants moving 
faster and learning earlier.

What’s different this time is delegation. Generative and 
agentic AI systems are no longer just assisting humans — 
they are being trusted with bounded decisions: approving 
actions, triggering workflows, reallocating resources, and 
escalating only when confidence drops. The winners 
won’t be those with the most models, but those who 
decide which decisions can move faster without 
increasing risk — and redesign their operating models 
accordingly.

The real risk is no longer whether AI will change work. It’s 
whether organizations will lead that change — or inherit 
decisions made elsewhere.

As recommendations became more reliable, automation 
followed.

Some decisions could be handled automatically. Others 
required oversight. The key wasn’t removing people — it 
was delegating clearly defined decisions to systems that 
understood their limits and escalated exceptions.
Humans still mattered. Maybe more than ever.

People set intent and defined boundaries. They handled 
the unusual cases and remained accountable for 
outcomes. Automation without ownership creates risk. 
Autonomy without trust creates instability. Keeping 
humans in the loop isn’t just a safety feature. It’s how the 
system actually works.
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Common anti-patterns I see

When this doesn’t work, it’s rarely because the 
technology isn’t good enough.

More often, data platforms are treated as side projects 
rather than shared infrastructure. Success is measured by 
how many dashboards exist, not by whether decisions 
improve, time is saved, or outcomes actually change. No 
board has ever asked for “more dashboards.” They ask for 
better outcomes.

Automation gets introduced without clear ownership of 
what happens when something goes wrong. The most 
common mistake is trying to delegate decisions before 
trust exists — in the data or in the process. When that 
happens, automation feels risky rather than helpful, and 
people pull back rather than lean in.

Why Databricks fits the foundation

Part of why this works starts with the foundation itself. Databricks was built around open standards and open source, with a 
focus on data as shared infrastructure rather than siloed systems. It gives organizations a single, governed source of trusted 
truth — one place where data can be understood, secured, and used consistently across analytics, AI, and operations.
Unlike architectures that separate storage, governance, machine learning, and AI tooling into different platforms, Databricks 
unifies data engineering, analytics, ML, and generative AI on a single governed foundation. Structured and unstructured 
data live together. Models are trained where data already exists. Governance travels with the data instead of being bolted on 
afterward.

In an autonomous environment, that unification reduces latency, cost, and decision risk in ways stitched architectures 
struggle to match. The alternative of stitching together warehouses, feature stores, analytics tools, and AI platforms worked 
when analytics was slow, and decisions were manual. In an agentic world, that fragmentation becomes a tax on every 
automated decision. Each handoff introduces latency, ambiguity, and risk. As autonomy increases, those seams start to 
matter a lot.

Just as important, Databricks doesn’t assume one outcome fits every business. What matters to a bank isn’t the same as 
what matters to a pharmacy, an airline, or a grocery retailer. Each operates under different pressures, such as revenue 
growth, cost control, risk, and compliance, and at different speeds. In an increasingly connected and interdependent world, 
velocity becomes critical, but it must be paired with trust.

The story, stripped down

If you strip away the terminology, the pattern is simple. 
We started by organizing what we knew. Then we 
accumulated more than we could neatly manage. We 
spent years trading speed for trust, and then worked our 
way back toward balance. Analytics followed the same 
arc: from explaining the past, to anticipating the future, 
to helping decide what to do next. AI didn’t invent that 
progression. It compressed it. And autonomy only works 
when the foundation underneath it deserves trust.

At least, that’s the cleanest way I know how to explain it. 
AI isn’t coming. It’s quietly rewriting the old playbook. 
Adapt or find yourself operating in a future designed by 
someone else.
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ZenseAI.Data sits on top of that foundation — not as another SaaS layer, but as an accelerator. Think of it like salt or oil in 
cooking: not the meal itself, but what helps everything come together without burning and brings out the right flavors at the 
right time. It translates the platform’s capabilities into outcome driven paths by industry, helping Databricks customers move 
faster toward value, more revenue, lower cost, and reduced risk, with confidence built early, not promised later. Many 
accelerators stop at templates. ZenseAI.Data focuses on decision design, defining which workflows can safely move from 
manual to assisted to delegated, and measuring confidence at each step.

What differentiates this approach is timing. Most organizations are told to perfect their data foundations before attempting 
to become autonomous. In reality, very few businesses have that luxury. ZenseAI.Data is designed for movement while trust 
is still being built, helping organizations safely delegate specific decisions, measure outcomes early, and expand autonomy 
only where confidence is earned. That’s the difference between experimentation and momentum.

In practice, Databricks becomes the control plane for data driven decisions where context, governance, and intelligence 
meet before autonomy is allowed to act.

Over time, these conversations began to shape how we 
approached our own work. At Zensar, we’ve spent years 
helping organizations build on Databricks — not just as a 
platform with powerful capabilities, but as the foundation 
for how data, analytics, and AI actually operate at scale.

ZenseAI.Data emerged from that experience. It reflects 
the patterns we’ve seen succeed and the anti patterns 
we’ve learned to avoid. Instead of starting with tools, it 
starts with outcomes — accelerating time-to-market, 
reducing risk, and proving value early. The goal isn’t 
perfection on day one, but momentum: showing 
measurable progress, real business impact, and a clear 
path forward often in under 120 days. We’ve learned that 
the first autonomous workflow matters more than the 
tenth dashboard. It sets the cultural precedent for trust.

For Databricks customers, that combination matters. A 
strong platform creates possibilities. Experience turning 
possibility into production is what delivers results.

I sometimes extend the airport analogy one step further.

Databricks is the airport itself — the runways, radar, flight 
plans, and shared airspace where every aircraft operates 
from the same trusted view of reality. It doesn’t decide 
where every plane goes, but it ensures everyone sees the 
same weather, tra�ic, and constraints. Without that 
shared foundation, autonomy quickly turns into chaos.

ZenseAI.Data is the control tower layer built atop that 
airfield. It doesn’t fly the planes for you. It determines 
which flights can taxi, which can take off automatically, 
which need human clearance, and which must be 
rerouted when conditions change. It defines decision 
boundaries, monitors confidence, and escalates 
exceptions, allowing autonomy where it’s safe, and 
human judgment where it matters.

In an agentic world, winning isn’t about having more 
planes in the air. It’s about safely increasing the number 
of flights that don’t need to wait for manual clearance 
without increasing risk.

Why Zensar and ZenseAI.Data fit this moment
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Key takeaways and a question for the CXO

Data evolved the way people live: from tidy houses where 
everything had a place, to cheap storage that gave us 
space but little order, and finally toward balance again. 
Platforms designed for autonomy are accelerating this 
shift. AI is automating routine, pattern-based, and even 
decision-heavy work faster than many leaders expect.

As that happens, human value moves toward creativity, 
judgment, empathy, and ethical responsibility. Early 
adopters aren’t just cutting costs. They’re creating new 
products, new markets, and durable competitive moats.

Organizations that act early understand that human value 
matters more than ever. They recognize that governance 
and design determine success. They learn faster, 
redesign workflows sooner, and build advantages that 
laggards struggle to replicate.

In practice, acting doesn’t mean boiling the ocean. 
It often starts with one workflow, one decision, or one 
handoff that already feels slow, manual, or fragile. 
The organizations moving fastest aren’t automating 
everything — they’re choosing deliberately where 
autonomy creates leverage, learning from that signal, 
and expanding from there.

The real competitive advantage is no longer better 
information — it’s faster, safer decision-making.
That’s usually where I pause and let the conversation 
sit for a moment.

The architecture decisions made this year will determine 
who controls decision velocity five years from now. The 
open question is simple: were we getting ready for this 
evolution, did we act, are we actively preparing, or are 
we only now becoming aware of what must change?

Era Where data lives What data does

Warehouses Structured, controlled systems Explains what happened

Lakes Cheap, flexible storage Captures everything,
but trust erodes

Lakehouse Balanced foundation Enables reliable analytics

AI/genAI Embedded in workflows Suggests, recommends,
delegates decisions

Agentic/autonomous Decision loops Acts within boundaries,
escalates exceptions
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At Zensar, we’re ‘experience-led everything.’ We are committed to conceptualizing, designing, 
engineering, marketing, and managing digital solutions and experiences for over 145+ leading 
enterprises. Using our 3Es of experience, engineering, and engagement, we harness the power 
of technology, creativity, and insight to deliver impact.

Part of the $4.8 billion RPG Group, we are headquartered in Pune, India. Our 10,000+ employees 
work across 30+ locations worldwide, including Milpitas, Seattle, Princeton, Cape Town, London, 
Zurich, Singapore, and Mexico City.

For more information, please contact: info@zensar.com | www.zensar.com
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